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Dynamic Masked Text Summarization Method Based on
Sentence Balancing Strategy

LEI Gang, LIANG Kun, HUANG Yueyang, ZHANG Xiankun
(College of Artificial Intelligence, Tianjin University of Science and Technology, Tianjin 300457, China)

Abstract: Automatic text summarization technology is one of the focal research directions in the field of natural language
processing. In response to the weak ability of existing feature extraction methods to capture semantics and the presence of a
large amount of information redundancy in summary results, in our present study by adjusting the way of generating word
vectors and the masking strategy during the sentence embedding phase, and introducing a joint evaluation mechanism of
redundancy and criticality in the sentence selection stage, and experiments on extracted summaries were conducted on Chi-
nese short text and long text datasets, respectively. The experimental results showed that by making a series of improvements
in the sentence embedding and selection stages, the performance of our model was significantly better than other benchmark
models such as TextRank + BERT, BERTSUM, etc.
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