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Affective Classification of Chinese Product Reviews by Combining Text
Content and Labels

ZHANG Lu, SHI Yancui
(College of Artificial Intelligence, Tianjin University of Science & Technology, Tianjin 300457, China)

Abstract: In order to solve the problem of insufficient utilization of language knowledge and label information in the emo-
tion analysis methods based on deep learning,in this article we improve the emotion analysis method based on deep
learning, and propose a Chinese text emotion analysis method that combines text features and label information. In our im-
proved method we first preprocess the text, and then use syntax rules and deep learning methods to extract the feature infor-
mation of the text respectively. In the part of syntax rules, we extract the more explicit information of emotion tendency in
the text by constructing syntax rules, and combine it with the label description information to further highlight the emotion
information. In the part of deep learning, we extract the high-level features of the text by combining the attention mechanism
and gated recurrent neural network. Finally, we combine the features extracted from the above two parts and use the classifier
to classify them to get the emotional orientation of the text. The experiment showed that the method proposed in this article
was better than the traditional emotion analysis methods.
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Tab. 4 Results of ablation experiments
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255 AR L HAARAL 6 AL XTI
N T IR BUEA SURIR AT R, AR SCRSERY
S RUFJURSCIBE IR R 1 Bl fl E kg rxg L se,
T T 36 U AR SRR LA 1 0 AT 55 B it 73
KBRS IR 5,
RS SERERILL

Tab.5 Comparison of classification results
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