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Abstract: Aiming at the low efficiency of large-scale cloud task scheduling in the current cloud computing environment, an
optimization algorithm based on beetle antennae search and genetic algorithm is proposed in this article. In order to improve
the unstable optimization results and poor local search ability of genetic algorithm, a new crossover method is adopted, and
the mutation probability is changed dynamically. Then the search direction of beetle is expanded, and the elite solution reten-
tion strategy is adopted. Finally, based on CloudSim, the hybrid algorithm and the other three algorithms are simulated and
scheduled in the same environment in the case of different task scale scheduling. The experimental results show that the hy-
brid algorithm obtains better solutions than other algorithms. Compared with genetic algorithm, the optimization result of
small-scale task scheduling is improved by 7.87% and that of large-scale task scheduling is improved by 30.23% , it proves
an efficient cloud task scheduling optimization algorithm.
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Fig. 1 Cloud computing scheduling model
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Fig. 2 Flow chart of cloud task scheduling algorithm
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Tab.1 Physical machine parameters

YIBHLZES OB NTFE/GB TEMB/TB AR/ (Mbits™)
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Tab. 2 Virtual machine parameters
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Tab.4 Comparison of results of 100 iterations of small
scale task scheduling

kR _ ML :
UM Wkl PBIE
SA 0.071 0.075 0.073
BAS 0.077 0.081 0.079
GA 0.086 0.093 0.089
GA-BAS 0.095 0.097 0.096
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Tab.5 Comparison of results of 200 iterations of large
scale task scheduling

kAR _ N _
/IMA IRME FHME

SA 0.007 2 0.008 5 0.008 1
BAS 0.008 2 0.008 6 0.008 4
GA 0.007 8 0.009 1 0.008 6
GA-BAS 0.0108 0.0119 0.0112
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