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Abstract: Toxicity of organic compounds to Pseudokirchneriella subcapitata plays an important role in chemical risk as-
sessment. Based on the norm descriptors proposed by our group, we established a quantitative structure-toxicity relation-
ship (QSTR) model to predict the toxicity (pEC;, and pECs,) of 298 organic compounds. The results show that this working
model has high prediction accuracy for organic toxicity, with the statistical parameters R* = 0.809 2 and Q?%,, =0.755 2 for
the pEC;o model and R*>=0.804 8 and 0Oloo =0.746 1 for the pECs) model. Internal validation and external validation show
that the present working model has high stability and reliable prediction ability, and the applicability domain analysis infers
that the present model has a wide range of applications. Therefore, molecular structure-based norm descriptors can be used to
describe the structure of organic chemicals and accurately predict the toxicity of organic compounds to aquatic organisms.
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Tab. 2 Statistical parameters of pEC,y and pEC5, models
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Fig.1 Scatter plot of experimental and calculated values of pEC,, and pECs, models
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