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Prediction of Frequencies of Drug Side Effects with
Laplace Regularization
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Abstract: An important issue in drug risk-benefit assessment is to determine the frequency of drug side effects. Compared
with the usual randomized controlled trials, the method based on machine learning to predict the frequency of drug side ef-
fects has the characteristics of short time and high accuracy, and can be used to guide controlled trials. However, existing
computational methods rarely take into account the feature that “similar drugs have similar frequency of side effects”, so
the prediction performance can be further improved. Therefore a non-negative matrix factorization method combined with
Laplace regularization is proposed in this article,and a hyperparameter is also introduced to control the margin between
labels and their predicted scores for unknown side effects. Computational experiments show that this method can effectively
predict the frequency of drug side effects, and can also predict post-marketing drug side effects.
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side effects of the drug fluvoxamine
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