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Group Search Optimization Algorithm Based on Global Optimal Value

XIONG Congcong, LI Junwei, YANG Xiaoyi, WANG Dan
(College of Artificial Intelligence, Tianjin University of Science & Technology , Tianjin 300457, China)

Abstract: The standard group search optimizer (GSO) algorithm is easy to fall into the local optimum in the early stage of
the search, resulting in slow convergence and even stagnation in the search. In view of the above problem, the global optimal
value-based group search optimizer (GGSO) algorithm was improved by adding global optima to the search process and im-
proving the GSO improved the “Producer-Scrounger” model by adding global optima value to the algorithm search process,
thus speeding up the convergence of the algorithm. Comparative experiments on 11 international standard test functions

showed that the proposed GGSO outperformed the standard GSO algorithm in terms of both algorithm accuracy and conver-

gence speed.

Key words: group search optimizer (GSO) ; global optimal value; convergence speed; convergence accuracy
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