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A Workflow Cloud Scheduling Algorithm Based on Improved
Binary Particle Swarm Optimization

XIONG Congcong, GAO Meng, ZHAO Qing, XU Danying
(College of Artificial Intelligence, Tianjin University of Science & Technology , Tianjin 300457, China)

Abstract: An improved binary particle swarm optimization algorithm is proposed in this article to solve the problem of task
allocation in cloud environment so as to effectively reduce cost and improve resource utilization. Although the traditional
binary particle swarm optimization algorithm has strong global detection capability, it is difficult to converge to the global
optimal location. Moreover, with the increase of iteration times, the search capability in the later stage is poor. In the article,
the particle updating formula was modified to improve the convergence of the original binary particle swarm optimization

algorithm and improve the detection ability of the optimal solution. The experimental results showed that the optimal solution

obtained by the algorithm had better actual scheduling time and less resource leasing cost.
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