F33% Holl

RE#BEREER

Journal of Tianjin University of Science & Technology

Vol. 33 No. 6

2018 4 12 H Dec. 2018

DOI:10.13364/j.issn.1672-6510.20170235

EF/NETHE FCM R B X FE &5 E

T, fmEs, k Ww
(1. RESEB2E BN SRR R R, KHEE 301636; 2. Z2PHERafiss TR ARG, 22BH 455000,
3. RERATENRE SH ARG, K 300072)

W OE. 4haEge FOM (B C 398) B A AR RS H R R AT ZH KA S0k RBELA R F T AEM 09 78 X
FEMGBAHASZGEL, RET LTt kTS FCM REL RGP R FRESZI Lk G4, RAZ
BNk R B KR S AT W R L F BB AT A G R, oA R 3k R R A KA a9 A AT B, A it
—F S FCM B E Lk o8 B R4 W H 2R 5444509 FCM B £ F xR Bt Fk s ATk B T iz k5t
P Sk e - e I P S

KR /DA, FCM RIEAEL; WA BHRE

FESES: TP391 MEERERS: A XERS: 1672-6510(2018) 06-0062-05

Image Segmentation of JiaGuWen Image Based on
Wavelet Transform and FCM

HE Ying', HE Xiaoju?, ZHANG Gang"’
(1. Department of Computer and Science and Technology, Tianjin University Ren’ai College, Tianjin 301636, China;
2. School of Aviation Engineering, Anyang University , Anyang 455000, China;
3. School of Computer Science and Technology, Tianjin University, Tianjin 300072, China)

Abstract: To solve the problem that the traditional FCM (fuzzy C means) fuzzy clustering algorithm and the improved algo-
rithm cannot effectively separate the JiaGuWen image and there is a large number of dotted or flaky stripes on its
background, an image segmentation algorithm based on wavelet transform and FCM fuzzy clustering is proposed. Firstly, the
edge information of the JiaGuWen image is detected by using the dyadic wavelet transform modulus maxima, and then the
edge information in the maximum value of the binary wavelet transform is used to further modify the membership function in
FCM fuzzy clustering. Finally, the experimental results are compared with the traditional fuzzy clustering algorithm and
improved algorithm. The results proved that this algorithm can more occurately segment the images of characters.
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Fig. 2 Segmentation effect of complex background JiaGuWen with different algorithms
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