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Mining Constrained Frequent Closed Itemsets From Uncertain Data
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Abstract: Because the environment of current data mining is too ideal and does not consider the constraints of objective
conditions and individual needs, based on the normal distribution model, succinct constraints were added to the frequent
closed itemsets mining algorithms for uncertain data, and the method of frequent closed itemsets mining for uncertain data-
bases was studied separately under succinct anti-monotone constraints and succinct non-anti-monotone constraints. Examples
were also given to prove the theoretical feasibility of the mining algorithm.
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Tab.1 Transaction database

5 TiH

Tl a:0.7 b:0.8 ¢:08 d:1.0 e:02
T2 a:0.7 b:0.8 d:1.0 e:0.1 f£:04
T3 a:08 ¢:05 e:03 f:04

T4 b:0.8 ¢:0.8 d:1.0

TS c:0.8 d:1.0
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b 20 e 75
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$TT SAM £ Cl: max (X. Price) < $25, 34
LY ORISR, T2 4 i 45 S04 rh 10 i A0 A%
MAZ/INTFEET 25 o, RIFRE I /N AT
25 EITTHITRES. RIS E 15 Item" = {a,
b, 31 Item® = {c, d, e}. UIJJX]L:J: SAM 253, $2 48T
TERA B P T A 20 AL Ttem™ v () 33

XFF SUC 243 C2: min (X. Price) < $30, 7] LA7H
F: Item™ = {a, b} Fl Item® = {c, d, e, f}. MIFFFHLAKR
BRI & /D —A Ttem™ HAYI, 3 AT AE
WAL AT —BEE ) Ttem™ BY Ttem® Hh 3%,

3 ZRIEMATIEEZ R

BOEY R Ttem™ 1 Item® 2 )5, X T SAM 2
W, ISR IAE AL S Ttem® ARG, DUJAT B 5
Bl b Tem® A5 A9I00; T SUC 23, AT AR 4R
Ttem™ FI Ttem ¢ J5URCHR 22 40 B A~ T 508 2 b A
2408
3.1 SAM YR TSN I S 1= 1

XF SAM £ Cl:max (X. Price) <$25, Al L)
53] Item™ = {a, b, {}F Item® = {c, d, e}. HIELH
() ORISR, X Ee PEEA T B Ab B, Ab 3R J5 1)
AR 3.

x3 SAMARTHILIZEIEE
Tab.3 Mandatory database of SAM
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T1 a:0.7 b:0.8
T2 a:0.7 b:0.8 f:0.4
T3 a:0.8 f:04
T4 b:0.8
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F5 JiH
T1 a:0.7 b:0.8
T2 a:0.7 b:0.8 f:04
T3 a:0.8 f:04
T4 b:0.8
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T1 c:0.8 d:1.0 e:02
T2 d:1.0 e:0.1
T3 c:0.5 e:03
T4 c:0.8 d:1.0
TS c:0.8 d:1.0
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