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Abstract: How to find the optimal parameters of SVM to train the model in order to have a better recognition rate when treating
unknown test samples has been the most important issue to solve practical problems. Traditional cross validation algorithm only
find the optimal parameters in the whole scale of values. A new algorithm was proposed which take into account the extreme

values in the limited scale. Results show that this algorithm has a better recognition rate.
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Tab.1 Recognition result of test samples with no noisy input
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