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Abstract: By using mining association rules,correlations between courses were studied. Not using method of achievement
limit and using the improved Apriori algorithm,the achievement database of students can provide some interesting rules of
correlation between courses of excellent grade after pretreatment. At the same time,the rules that some courses of low grade

are the cause of other courses of low grade were discovered. The results can guide the students to select subjects and help the

leaders to make decision.
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Tab.l1 Partial achievement table
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04101101 10 1 06-07-1 K1 89
04101101 10 1 06-07-1 K2 92

04101101 10 1 06-07-2 K3 83
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Tab.2 A part of achievement table after pretreatment
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04101101 K1A ,K2A K3B,K5A,...
04101102 K1B,K2A ,K5B,K6B,...
04101103 K1C,K2C,K3C,K5B,...
04101104 K1B,K2A ,K4A K5A,...
04101105 K1B,K2B,K6B,K7B,...
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Fig.1 Partial mining results
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