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Abstract: The marine remote sensing data are processed based on the basic theory of neural network algorithm and
chlorophyll fluorescence algorithm,chlorophyll concentration is inverted in Bohai sea,then it is compared chlorophyll
concentration of inversion with measured chlorophyll concentration. Neural network algorithm can’t accurately invert

chlorophyll concentration in cloudy area,but chlorophyll fluorescence algorithm can breakthrough interference of cloud to

invert chlorophyll concentration close to the actual value in Bohai Sea.
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Fig.1 Basis frame of a BP neural network
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Fig.2 Remote sensing data in the Bohai sea
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Fig.3 Chlorophyll concentration of inversion in the

Bohai sea based on neural networks
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Fig.4 Chlorophyll concentration of inversion in the

Bohai sea based on FLH
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Tab.1 Relative error compare of chlorophyll concentration of inversion

SR -2 2K ML 2R 5 FLH #%
i g 1] S H 383 SEE/ FLEARY AR ZE/ di P AR 25/
. (mg'm™) (mgm™) % (mgm™) %
1 117°46'00"E  38°42'30"N 2007-05-25 2.955 95.373 3127.51 2.925 1.02
2 117°46'00"E  38°39'00" N 2007-05-25 3.454 80.689 2236.10 3.426 0.81
3 117°55'00"E  38°39'00" N 2007-05-25 5.460 56.357 932.18 5.481 0.38
4 117°55'00"E  38°4230"N  2007-05-25 3.006 94.066 302927 3.226 7.32
5 118°01'00"E  39°07'00" N  2007-05-26 2.475 98.583 3883.15 4.607 86.14
6 117°37'00"E  39°00'00"N  2007-05-26 4.920 110.244 2 140.73 5.464 11.06
7 117°57'00"E  39°07'00" N 2007-05-26 3.409 106.463 3023.00 4.468 31.06
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