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A Causal Pattern Web Mining Model Based on XML
LI Xiao-zhong, ZHAO Guo-hua

(College of Computer Science and Information Engineering, Tianjin University of Science & Technology,
Tianjin 300222, China)

Abstract: A causal pattern was defined, including resulting set, factor set, a variety of causal relations and kinds of pa-
rameters such as impact degree, category weight. Then combined with statistical analysis of various data mining algorithms
and the advantages of XML, a Web mining model was formed to find the intrinsic link and the occurrence between things on
the Web. The model could be used to provide a strong basis of the forecasting and decision-making for the future implemen-

tation of the mandate. Application example shows that the model is effective and benefits the forecasting and decision-

making.
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Fig.1 Web data mining process based on XML
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Fig.2 A causal pattern Web mining model based on XML
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