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Abstract: A new case retrieval technique based on cloud platform was presented in order to process large amount of data.
The KNN used in case retrieval was improved by using MapReduce technology, so that it can be executed in parallel across
multiple server nodes and improve the speed of case retrieval among large amount of data. Experiments show that the case-

based reasoning based on cloud platform is faster than that of the normal mode and the node number of the cluster has a cer-

tain effect on case-based reasoning.
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Tab.1 Configurations of each node

TiH i
CPU Intel Xeon E5506,2.13 GHz,2 CORE
AT 2 GB, 1333 MHz
T SATA,200 GB
0s Ubuntu 12.04
JDK 1.7.0 1
Hadoop Hadoop-0.21.0
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Fig. 2 Partial experimental data set
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Fig. 3 Effect of node number and data size on CBR
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