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A Focused Crawling Approach Combining Ontology and LS-SVM
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Abstract: There are many implementation approaches to focused crawler. However, it is difficult to maintain a high and
stable crawling process. To solve this problem, a focused crawling approach based on ontology and LS-SVM (least squares
support vector machine) was proposed. An LS-SVM classifier was created using the problematic food ontology and applied

to the classification of web pages. Experimental results show that the proposed approach can get a higher harvest rate than

other focused crawling approaches.
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Fig. 2 An example of relevance computation
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