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Abstract: Hot spots at protein interfaces were found to be clustered within locally and tightly packed regions. However, the
existing machine learning based on hot spot prediction methods only gets features from the target residue, and does not con-
sider the local spatial information of the target residue. Meanwhile, how to conduct the feature selection and obtain the sub-
sets without redundant features should also be considered. In order to accurately identify hot spot residues at protein inter-
faces, this research tried to get various features by taking into consideration the spatial neighbor residues of each interface
residue, and the feature selection was conducted by using random forests. Thereafter, the support vector machine was em-
ployed to predict the hot spots at protein interfaces. Computational experiments show that our prediction method can effec-
tively discover hot spot residues.
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Fig.1 ROC curve of support vector machine classifier
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